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John Stanley, University of Hawai’i — West Oahu
/’; . Ken Nelson, Loma Linda University
"

1. Define “analytics” and discuss challenges.

2. Examine several case studies that have used analytics
to improve institutional effectiveness.

3. Examine the use of analytics in the following key areas:
a) Program review and assessment
b) Enrollment management
c) Surveys
d) ‘What-if’ decision-making
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Institutonal Research

Think — Pair — Share Activity
3 minute questionnaire + 5 minute share

1. Area(s) of notable strength?
2. Area(s) for improvement?

3. If IR analytical capacity were enhanced, what campus/program issue
could be better addressed or potentially solved?
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e Compliance vs. Self-Improvement

* Developing a culture of evidence

* From reporting to analysis

e Converting data into ‘actionable’ information
* Follow highest standards, best practices

* Know your customers, mission

* Leverage technology, stay abreast of tech
* Empower staff, continuous honing of skills
 Effective senior-management support working

with IR (and IT)

“I've seen too many IR offices that
operate like a reporting agency and
focus IR analysis only on what has
happened in the past. Decisions,
however, are made about the future
— specifically, about the expected
outcomes of future events... For the
future of IR, professionals should
become active in helping to minimize
the risks of a decision by providing
insightful analysis about possible
outcomes.”

— Bob Daly, eAIR Newsletter, March 2016

HOME = EDUCAT

847 » Spaciai Features = The

S~acial Faturus

A Mational
Maa

« Maing Sense of Studant

Loan Cuatomes

+ Your Fesourte! IR in the

Krow
+) Toen Tips
+ Msual Display of Data
+ ATKBAR
+ Suivers
+ IR inhe Know
+, Boan Comner
+ Joumnal News
v ANDUNGETRES
v} Ghanging Scane
+, Thank You
+ IRecommeng
v/ Hesourcn Reviaws

b B-AIR ArThives

ON & EVENTS GRANTS 8 SCHOLARSHIPS = RESOURCES CAREERS

ASSOCIATION FOR INSTITUTIONAL RESEARCH

Data and Decisions for Higher Education

THE FUTURE OF IR

Bob Daly 15 Assistand Wee Chancetior Emanius, Liniraity of CaMmia-Rirside

Spdren s s,

SAR | MEMBERSHIP  ABOUT US

BAR: i R panal ASR 3015,
Hi

the fture of I hinges on

ow is. than what IR

akeacy o7

TeduCes Tk

campus de

SOURCE: https://www.airweb.org/eAlR/specialfeatures/Pages/The-Future-Of-IR.aspx
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“Analytics is the use of data,
statistical analysis, and explanatory
and predictive models to gain
insights and act on complex issues.”

-EDUCAUSE Center for Applied Research

EDUCAUSE Center for Applied Research Video:
“What is Analytics?”

Downloaded from:
http://www.educause.edu/ero/article/video-what-analytics

Gartner Analytic Ascendancy Model

How can we
make it happen?

What will
Most of IR happen? P
is stuck here Predictive 1'3‘\0
u Why did it Analytics t\‘“\
= ‘ happen? (0)% .
5 = L
happened? nalytics

Descriptive calo

0% &
\0‘0‘«\‘&‘ \xxﬂés\g“

DIFFICULTY
i Gartner 8
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DESCRIPTIVE DIAGNOSTIC PREDICTIVE PRESCRIPTIVE
1. Using inferential 1. Building a prediction
statistics to determine model to identify
if there are statistically which students are

significant differences

between groups and CEITES Eifeliell

identify important o
drivers of behavior.

2. Interactive dashboards 2. Interactive dashboards
with slice and dice with ‘what-if’
capability, drop capability for key
downs. decision-makers.

3. A counter-factual

analysis that controls 3. Using learning

for self-selection bias community as a
using student variable in a prediction
matching techniques. model for retention or

time-to-degree.

Covered
Today

Descriptive Optimization @ Explanatory

Business

Diagnostic Predictive .
Intelligence

Academic MENASIIAM Visualization Big Data

Business Learning

Exploratory Action

10

Source: https://library.educause.edu/~/media/files/library/2012/1/eli3026-pdf.pdf
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Visualization

11

_ ® 6 9 -
o;_o ,...
CO®® &

U W N
1B Y

e Data visualization is used to communicate data or : .:I __ _q*ll E ii %
information by representing it as visual objects (e.g., @; /E @ @ @ LT_
heatmaps, chords, sankeys). : _t: m ji, % - o
R ede

e The goal is to communicate information clearly and
efficiently to help users make:

— faster insights

— clearer choices : i ;5\5::%— e @
— faster decision making { oo (1] 1 ek Q ﬁg %=
& uﬁnw (s

b 6 al..d. = ke 'Eza' <
Source: http://designtaxi.com/news/376549/Infographic-72-Ways-To-Think-Present-Your-ldeas/ J— e
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Source:
https://app.powerbi.co]r#/visuals/

ft Power Bl Blog

BLOG * ANMNOUNCEMENTS »

Gartner positions Microsoft as a leader
in BI and Analytics Platforms for ten
consecutive years

FEATURES

= February 16, 2017

Miguel Martinez
Sr. Product Marketing Manager

—

ABILITY TO EXECUTE

SOURCE:

'blog/2017/02/17/gart gic-quadrant-f

2017-cloud-i ing-slowly,

@ Tabieau .Mmsudr)
[ 1o
Anery @ @sAP
® SAS _IBM
Tacosotwae @B
Orcke @ ool ) o @ Salesforce
Siserse
Dmus:dmmm o - ® B o
Information Buiders gy o @
Yellowfn @ Logi Anafytics
Pyrartid Anahics @) @ Zoomdata
Da!m. L
COMPLETENESS OF VISION

» As of February 2017
Gartner 14
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Dashboards
as a
Collection of
Tiles
Providing
Links to
Underlying
Reports

Public
informative
dashboards.
In this
example
Loma Linda
University’s
enrollment
demographics
are displayed
on the
University’s
website.

Loma Linda University Enrollment Demographics

Student Count

Undergraduate

153 Graduate

Undwigraduate - Banafer in Degrees
Geaduate - Prisarily Resesrch
Profesionsl - DOS, DAT. MO, PharmD
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Interactive
charts and
graphs with
explanatory
text. This
example
provides
student
success
information
as required
by the
regional
accreditor.

Student Success

The success of Loma Linda University's vision of “Transforming lives
through education, health care, and research” resonated when
graduates from LLU ranked number one in a national survey on
“How much satisfaction do you get from your job, and do you feel
your job helps make the world o better place™

LOMA LINDA
UNIVERSITY

Lema Linda University is a Seventh-day Adventist educational

| Recipionts A Time il Awards All Time |
49,509 60,317

Students from mare than 70 countries around the world and
every state in the nation are represented in Loma Linda
University's diverse student body.

Eight schools comprise the University organization. More than
100 prograrms are offered by the schools of Allied Health

health-sciences institution with more than 4,000 students
located in Southern Califomia

[ Undergraduate | [ Graduate ][ Professional ]

F s Health, Dentistry, Medicine, Nursing,
Pharmacy, Public Health and Religion. Both traditional and online
degrees are offered

Loma Linda University
Loma Linda, California 92350
University: (909 558-1000
Public Relations: (909) 558-4526
Admissions: (209) 651-5029

Maore information is available at
http/nces ed I z
a=Loma+Linda =L =all&id=117636

Interactive
maps that
allow
disaggregating
data by
selecting areas
of interest.

In this
example
program
enrollment

is displayed

by state
selected.

TX Residents Are Enrolled in the Following Degrees

T T T
[ | T | T | T ( z ] = ) e ) oos JCow J( o7 _J(raw J((_w_ ) ws )
)= [T | BT | T | GRRCN | =0 | | BT | S

9 of 32




Predictive Analytics

i)

* Uses historical data to predict or forecast future
behaviors, trends, or outcomes

(i.e. enrollment likelihood, retention, course pass/fail,
degree completion, gainful employment, etc.)

50% 40% | 65%
B
Y 1

20
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e Can generate “actionable” data
(i.e., data used by academic
support services to effectively
assist students).

e Powerful and accurate
predictive models can be
constructed using
matriculation data from your
Student Information System
(SIS).

Admissions recruitment

— Predict which students are likely to enroll at your institution
(Goenner & Pauls, 2006)

Identifying at-risk students

— Predict which students are likely to drop out or fall behind
(Herzog, 2006 ; Sujitparapitaya, 2006)

Students’ price responsiveness to tuition increases or
financial aid incentives (Des Jardins, 2001; Herzog & Stanley, 2017)

Other uses?

— Student Learning
— Strategic Planning
— Finance

22
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A few examples of colleges using predictive analytics... |
$»

University of Nevada, Reno Geor aState
Umversrty

Missoiu'i
State.

3> UNIVERSITY S S SAN 10SE STATE
W of HAWAI'T J U UNIVERSITY

WEST O'AHU

UC SanDiego

FSi
ARIZONA STATE UNIVERSITY TEXA_S

The University of Texas at Austin

UCDAVIS  mvViginiaTech

UNIVERSITY OF CALIFORNIA

23

j i Predictive Modeling | St X '\,

€ - C' | [3 studentsuccess.utexas.edu/approach/predictive-modeling

[ — % TEXAS

The Universi in /ﬁ
@ Student atives L

Office of the Executive Vice President and Provost

APPROACH INITIATIVES UTELLUS NEWS TEAM

Predictive Modeling

David Laude, PhD
“Graduation Champion”

Data Informs Every Decision

With more than 35,000 applicants to The University of Texas at Austin last year, it is critical we
make data-informed decisions to ensure the enroliment of a high-guality class that has the resolve
to graduate in four years. 24
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For the Class of 2017:

e 94.6 percent retention, up from 93.6 @hg New ﬁln'k aﬁml’/&

percent prior year, resulting in the
highest one-year retention rate in the Who G Graduate?
university’s history for returning 0 Grets to braduate?
freshmen. g

* Average GPA of 3.28, up from 3.22 for
the previous class.

e Students enrolled in and passed more
SSH (average 13.32 hours passed) than
any entering class in the past five years.
Taking more credit hours each
semester will help these students stay
on track to graduate in four years.

For as long as she could remember,
Vanessa Brewer had her mind set on
going to college. The image of herself as
college student appealed to her —
independent. intelligent, a young woma:
full of potential — but it was more than
that; it was a chance to rewrite the endir
to a family story that went off track 18
vears earlier, when Vanessa's mother,
then a high-achieving high-school senio
in a small town in Arkansas, became
pregnant with Vanessa.

Vanessa's mom did better than most
teenage mothers. She married her high

Source: https://www.nytimes.com/2014/05/18/ ine/who-gets-to-gradi h'ml?_r:g5

1. Georgia State University (reduced achievement gaps,
featured nationally)

2. University of Nevada, Reno (early pioneer, raised retention
4% pts, featured nationally)

...See syllabus for more references

13 of 32



Learning Analytics

27

* Defined as “the measurement, collection, analysis, and
reporting of data about learners and their contexts, for
purposes of understanding and optimizing learning and the
environments in which it occurs”

— (Long & Siemens, 2011, p. 32).

* Data may be available in your institution’s Learning
Management System (LMS).

14 of 32



View Site As' [ Tnstiuctor v & |Logout|

HAW-445.001 [MAN.88871.5P08] * POLS 305 Group [MAN.XLSPOL$305.5P08]

My P Manoa

=
Lau"""a HIST-459-1 [WOA 65044.FA16] v More Sites -
=@

HIST-459-1 [WOA 85044 .FA16]: Recent Announcements

Unpublished Site HIST-459-1 [WOA.65044.FA16]: Worksite Information
Cptions

HIST 459 WI: Europe since 1945
from the last 10 days)

(viewing

Ar

Instructor:
There are currently no announcements at this locatien

Email:
Phone:
Campus Office:

=
Hawai’i (please do not send messages to no-reply@laulima hawail edu)

Home &

Da Motherload [~
(Course Files)
Office Hours: TUE/THU, 8:30-10:30 am and via appointment (online, phone,
Schedule 5 |or face-to-face) 2 HIST-459-1 [WOA.65044.FA16]: Calendar @B
Announcements £ Options
- equired books:
Assignments ] | Bychj Emecheta, Second-Class Citizen April 2017 e
Online Discussions Franklin Foer, How Soccer Explains the World I T Tue Thu i =
- Anna Funder, Stasiland % | 27 2 30 T 1
baks 0 [ sehilcit and Siegfried, Between Marx and Coca Cola 5 3 % 5 : 8
Gradebook {= 9 10 11 13 14 15
1% 17 18 20 2 2
iz 23 24 25 aF 28 29
Polls gl 30 7 2 3 4 5 6
Statistics gff
Site Info )
&

* Performance/Activity in Class (LMS)

Number and frequency of LMS logins
Amount of time spend on course website

— Number of discussion posts

— Responses to class polls

— Grades and formative quiz scores

Percentage of points earned in course to date
Change between past and current test/quiz scores

e Student In-Class Assignments (LMS)
— Blogs, discussion forum posts,

— Essays, written assignments

e Student Learning Outcomes (LMS)

— Measurements of student achievements in core competencies in class.

e Matriculation Predictors (SIS)
— Demographics (age, gender & ethnicity), GPA, pre-collegiate HS GPA, standardized tests scores,

first-generation, socio-economic & financial need
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* What is the likelihood that a particular student will pass the
class?... or master a certain learning outcome?

* Are there dispositional characteristics that predict or explain
performance in certain classes (i.e. Do males outperform
females in STEM classes or vice versa)

e Can LMS data be used with SIS data to predict student
persistence and degree completion?

Si®@als

Intervention Successfully Rani
a Wiew your results below, or dick on the Intervention tide for more detads. Next, take action by composing emalls for
s
L

your students or releasing stoplights to Blackboard. These options will atways be available for the current
intervention by dlicking on the buttons at the top of the dashboard.

Bikgy 00001 prng 209

Section Dashboard
Show/Hide Filts
- umen
.+ Smith, Angela ® @ ® @ s}
.+ Jones, Bobby ® ©° ® o0 @
+ Duncan, Chris o o . . [+] [ ]

http://www.nbcne

ws.com/id/3032619
PURDUE /vp/32634348#326
34348
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>3 % point rise since 2009

Sienels

Implemented

|

2009 2010 2011 2012 2013

1. Rio Salado College - “RioPACE”
2. University of Michigan - “Ecoach”
3. University of Maryland, Baltimore — “Blackboard Learn”

...See syllabus for more references
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Affordability Predictive data
- Infrastructure - Culture change
- Technology - Wary of misuse of data
- People/Expertise - Questions about data used to
- Opportunity Costs generate scores

Data availability - Students’ access to risk scores
- Student Information System - Self-fulfilling prophecy

- Learning Management System
- Budget/ Human Resource Silos

35

Think — Pair — Share Activity
5 minute discussion over break

1. What are some challenges at your institution to supporting a
culture for analytics (i.e., affordability, data availability,
expertise, etc)?

2. What strategies may be helpful for overcoming these challenges?

36
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Program Review and Assessment

G- o— X

FUNCTIONAL TECHNICAL

37

Process of Program Review on campus
Variable skillset of faculty and staff
Curriculum mapping and rubric assessment
Collecting assessment data

Purpose
—Bringing it all together

— Using the data to make changes where needed - “closing
the loop”

Power Bl examples

38
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* Challenge —
— Assessment software couldn’t provide average rubric value
— Assessment software didn’t allow complete data extract
— Attempting to use the assessment software built-in analytics resulted in:

Oops. There is too much number crunching required to run your
repart. If you are using an "Excludes” or "Doesn’t Contain® filter, try
removing or flipping them to “Include” or "Contains” filter. You can
also try turning off subtotals and grand totals.

e Challenge —
— Extract needed student IDs

— Rudimentary analytics provided by assessment software

Blood Bank... Chemistry... Hematology...
Element Assessme.. Element Assessme.. Element Assessme..
[1] 10 20 V] 10 20

4] 10 20

... Score 600-799 -

.. Score 200-399 .

Immunology...
Element Assessme..
o 10 20

.. score 600-799 |
. score 400-599 || N

.. score 200-399 [}
.. score 800-999 [l

.. Score 600-799
.. 5core 400-599

L
.. 5core 200-399 .

Lab Operations...
Element Assessme..
0 10 20

.. 5core 600-799 .

.. Score 400-599 L
.. 5core 200-399 -

.. 5core B00-999 I’

0 10
.. Score 600-799 _

.- Score 400-599
.. Score 200-399

.. Score 600-799 _
.. Score 400-599 -
.. Score 200-399 .

!

Microbiology...
Element Assessme..
20

20 of 32




i SO|UtI0n - Query Settings

— Create small reports in the assessment software 4 PROPERTIES
MName

— Download csv of created report
— Recombine using Power Bl query editor

4 APPLIED STEPS

Queries [9]

CA: Loma Linda University Basic Sclences
CA: Loma Linda University
CA: Loma Linda University Basic Sciences
CA: Loma Linda University 2014 SM Basic Sciences
CA: Loma Linda University
CA: Loma Linda University

Basic Sciences

Basic Sciences

Basic Sciences

mmmm CF franspose Data Type: Text ~ 3, Raplace Values ¥ 9= Unpivot Columns ~ I ‘Ad,C.I Merge Columns X (O
L:_ Reverse Rows | Detect Data Type T Fill = 1'(!,! Move ~ ‘ " 195 Extract 7
Group Use First Row | ¢ . o - Split  Format . — Statistics ¢
By As Headers ™ = Count Rows Rename 3., Pivot Column Convert To List Colimn 2 Yy Parse =
Table Any Column Text Column

A : A Rubric Element Scoring E
:' '_ MANY STRENGTHS. ONE MISSION 49 ‘

Assessment Tool: LLU Quantitative Reasoning Metarubric Official

Rubric Element - Av

APPLICATION | ANALYSIS: Abily to 355
2
CALCULATION 388

COMMUNICATION: Expreising quant

REPRESENTATION: Ability 10 canvert

Pubeie Elemunt

1
10 15 0 25 io EL) 40 380
Assessment for: I
[ faceniiy  J  schoo  Jl Acecow WM pogem W hwic _J  Oegee |
s ]
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Enrollment Management

G—e X

FUNCTIONAL TECHNICAL .

Retention Scoring
Outcome: Likelihood of fall-to-spring
retention, fall-to-fall retention

Prospect Scoring
Outcome: Likelihood of Accepting
Admissions Offer

Graduation Scoring
Outcome: Likelihood of graduation,
time-to-degree

Interest in Enroll in Complete

UHWO OIS Course Re-enroll Graduate

Persistence Scoring
Outcome: Re-enrollment

AR UNIVERSITY
) of HAWAI'l"
/" WEST O'AHU
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Student Dropout Risk Example

Student John Doe at the
beginning of the semester:

1.

Student data
collected from
SIS

0110101011
1101101110

2.

Build prediction
model using standard
regression techniques

3.

Prediction
estimates

are calculated —
per individual _

student

'dh

A @ (4
wyr

First Generation Student

< Average high school GPA
(3.00)

Attempting 12 credits (12)
Low % of financial need met
(65%)

Undeclared major

Not enrolled in a campus
learning community

No educational goals in survey
Not working on campus

Probability of Dropping Out:

75%

45

Strongred
Werahirad
Gender
Age
Ethnicity
DEMOGRAPHICS Residency

Geographic Origin

On Campus Employment
Housing

Student Life Activities
Athletics

STAR Usage

Average Class Size

CAMPUS
EXPERIENCE

PRE-COLLEGE AP CLEP

Major
Credit Load

Credits Earned
First Term GPA

Educational Goals \
Transfer GPA
# Transfer Credits

Distance Education

Dual Enrollment

High Failure Rate Courses

ACADEMIC —

English)

High School GPA & Rank \
SAT

GRADUATION

Need Based Aid

Pell Grant
Work Study
% of Aid Met

\ Credits earned

RETENTION /

Credits attempted
Credit Completion Ratio

Continuous Enrollment
Milestone metrics

Courses Taken (including  Math &

Ethnicity by Geographic Origin
Employment by Housing

High School GPA by First Term GPA
Residency by Need Based Aid

Ratio of Successful Adds to Drops

Non-need Based Aid

Math/English Enrollment/Completion

INTERACTIONS

FINANCIAL
NEED

MILE-
STONES

46
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D AT TeeT ewn SRS nesoent (7,18 WO oe e SN nevios
001 15 HI 6 3.80 Y Y 7% 5 Y
002 14 HI 0 333 N Y 63% 3 N
003 12 CA 6 3.00 N N 45% 0 N

Ed Goal Relative Risk

ID AGE GENDER ETHNICITY COLLEGE MAJOR DEGREE Specified Ve Risk Level
001 18 F CH CA&H ART BA Yes 14.92 LOwW
002 18 B HW Css SOC BA Yes 36.88 MEDIUM

003 18 M UNDEC UNDEC  UNDEC  UNDEC No 89.18 HIGH
47

- First Generation - SAT-M/SAT-R = 1100
- SAT-M/SAT-R = 900 - H.S.GPA=3.50
N 4 - H.S.GPA=3.00 - Declared major (Accounting)
N 4 - 85% Unmet Financial Need - Local address within 5 miles
‘ ' - Undeclared - 15 credits registration
I - 12 credits registration - Educational Goals = “Earn B.A.”
¢ Dropout risk probability: 60% * Dropout risk probability: 15%
¢ Risk group: 6 of 10 e Risk group: 1 of 10
Intervention strategy: Intervention strategy:
* Proactive advising * Monitor Starfish reporting
* Meta major pathway mapping * Mid-semester check-in
e Revisit financial aid support and e Re-assess dropout risk at end-of-
other support semester
¢ Check for possible ill-advised
registration choices 48
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LUNIVERSITY
of HAWAIT

svTim

(&

Yield Rate
30.89 suw

Dashboard tiles
organized to
ascend analytics
from descriptive

to prescriptive.

Fall 2016 Holdout Results
University of Hawai'i

Top Predictors

Strongest

Resident

High Yield
H.S.

Expressed

Interest

Re28 ..
g.mdﬂ“"
Low Yield U.S.

Region

CTAHR SOEST
App-

Weakest

| bles aceaunt far by 265% of th

completing a degree (Pseudo R Square = 263).

ins & student’s likelihood of

o UNIVERSITY
of HAWAI'T"

Model Summany

-2 Log likelihood

23658.222a 019
Classification Table

Cutcome 4 Did Not Enroll  Enrolled

Did Nat Enroll 3517 74

Enrolled 208 a1

Crverall

Parameter Estimates for Fall 2016 Enrallment Yield

Variables in Equation

“Constant

Resident

Histarically high yield Hawaii HS
Expressed interest

Parent gross income less than &5k
Female

Lenw yield US region

CTAHR SOEST applicant

Nor Cal

High vield Isle region

Application date 270 days or alder
Mumbser of applications

Miles from campus ever 20

B
378
273
082
0.57
048

-0.29
096

-0.66

-0.28
0.30
0.19
0.15
014

Con & Snell R Square Magelkerke R Square
0.26

Percentage Carrect
8180
50.40
7240

AE

012
011
0.04
0.03
0.03
0.03
012
0.08
0.04
0.05
0.04
0.04
0.04

Wald ™

92336
637.04
39201
307.38
210.28
745
6618
63.06
3772
307
25.00
1298
1044

Sig).

0.00
0.00
000
0.00
0.00
0.00
0.00
0.00
000
0.00
0.00
0.00
0.00

Expp{B)
002
15.39
2.7
177
161
075
280
052
0.78
135
0.83
116
087

50
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USNIVERSITY
of HAWAL'Y
WSt Oy

Dashboard tiles
organized to
ascend analytics
from descriptive
to prescriptive.

WEST O'AHU Fall 2015 Cohort Holdout Resulls

2 Log likelihood

491.806a

Outcome

Cox & Snell B

Dad Mat Ensoll

quare  Magelkerke R Square

034 047

Did Not Enrdl
Ensolied

Overall
Wariables in Equation

0.R=-4.2
7556 (< 01)**
Unmet Need

High School
Origin

High School
Prep. Index

Waal M
L ks o for 7% of the varisnce in » student’s lalood of completing &
dmgres (P B Scquare = 465]

End-of-semester Fall GPA

Historically High Retained HS

HS Prep Index

Immed Ed Goal Earn BA End

irst Term Flag

STAR Lisage End-of-semester
Total Offer Amount
Undeclared Major Flag

Unmet Need Percent

*Constant 2731 130 44
a Age less 18 Flag 20 0.2
REtentlon Dual Enrollad LUH Campus Flag 063 032 392
End-of-semester Fa R 03

44 18 71.00
13 136 BO.50
790

B SE Wald

144 052 156 001

52
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UNIVERSITY

WEST O'AHU

Time to Degree Status Drop Risk Level e
05/05/2013 contacted student per phone re: NH merit -
Stanley, John 4. scholarship, student will apply; 05/15/2013 End-chsemester

07/15/2013 NH Merit Scholarship awarded; 12/15/2013 End

" . kudos message;

stanley@hawaii.edu

) eyt 05/15/2014 End-of-semester kudos message
Senior 05/15/2015 End-of-semester kudos message
1578065569 05/15/2016 End-of-semester kudos message

Education of-semester kudos message
TDP 5 Factors 12/15/2012 End-of-semester kudos message -
Clamulatie GPA Credit Completion Ratic | | Percent Unmet Need HS Preparation Index Tedal Offer Amount Immediate Educational Goal
| - ®
3 67‘/ ‘] OO OJ 000’ 740 5500“ Earn a bachelor's degree
Goak: 3 (*22.5%) Goat: 80 (+25%) Goat 0.50 (+100%) Goat: 75 (-1.5%) Goak 9
Quarterly Review Current Schedule
Term® ¥ Term Units GPA Cumulative Units  Cumulative GPA  Registration Status  Academic Status -
Subject Cousse Number Cm  Distance Ed Dy Week  Room
9 FAl6 12 383 133 350 RG GOOD WA 38 prrveam . vyrs
& SPIE 16 374 121 347 RG GOOD . — N -
7 FALS 15 362 105 343 RG GOOD o
6 P15 15 274 90 3.40 RG GOOD A% c6oss v
H FAl4 15 308 75 353 RG GOOD 435 66612 Y
a SP14 15 348 57 366 RG GOOD
3 FAlZ 15 368 42 ERF] RG GOOD o

53

B SIGNIN »

MONDAY (FULL DAY)
8:00 AM. - 4:00 P.M.

A Step-by-Step Introduction to Building a Student-ar-Risk Prediction Model ($220)

Presenters: Serge Herrog (Uny of Nevada-Rima), John Stanley (Linversdy of Hawan-Weal Oahu)

To improve student retention. and thus net turlion revenuss. insttutional research offices are asked 1o heip ety which stucents
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AIR Workshop: A Step-by-Step Introduction to Building a Student-at-Risk Prediction Model

Instructors: Serge Herzog (University of Nevada-Reno) and John Stanley (University of Hawai’i — West Oahu) o4

27 of 32



Post hoc Activity

Read Retention data use . . ., see spreadsheet,
and then

A. Generate list of reasons from multiple
perspectives.

B. Draft techniques/strategies to address reasons.
C. Share with a neighboring table.
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SELECT TOP

e Challenge — each row contained individual =~ e i
w912values)
data elements e,
. « o . w[Al3Balancescore]
e Columns by individual numbered question A pslmestomrt]

[Al4Teurney]
IQ15Experience]

or numbered answer et

wQisInterprofessional]
sJAleInterprofessionalScore]
M!Hnterpmféssianalcmnr]
Report needs to be updated as students Lptmeaeccs
pectedscore]
w[A33RespectedComment ]

continue to take survey AT e

L[Aazd0overallcomment ]
Report needs to be disaggregated by Hhttmnao

L[022c0urses]
school and program et

L[025academically]

Comments need to be organized ool

[027Faculty]
L[AZ7FacultyScore]

L[AI6FacultyComment ]
FROM [commonTablesv2],[dbo]. [exP¥survey]

e Dataset is duplicated for each BT
question « o
e Extra columns (other answers)
deleted oo crene
* New columns for filters are added o
e Columns renamed for clarity '
.

Each step is recorded, can be
“played back” and edited at any
time
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* Each copied table is Merge
th e n m e rged Select a table and matching columns to create a merged table.

Likert
. Students Academic Year Program_Parameter_Code Cuestion Text Csestion
d Power BI has Optlons 8936711 2014 LLU.28.2804.037.6141.0000.005.000 Agree A12

8932827 2014 LLU.28.2804.037,6141.0000.005.000 Disagree A_12

that will automate this e Lo e e e s
each time source table S i
is updated

e Resultant merged table ! No presie s avelabl
now ready to be used o
for developing Onptrr
visualization e B

Program List

0738 programDeqrees A12

What-if Analysis
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,% Alphabet University Total Cost Estimator Based on Per Unit Fee

Average Percent Increase

Proposed Per Unit Fee

a0 65440 & 435000 45343408
41390 $6T.78600  §2.519,34048 $R64500  SLMILTTIEE

Tuition Revenue Trend

--
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Final Activity

Read Cost Estimator Worksheet. . ., see
dashboard, and then

A. Generate a research question to answer using the
parameters in the dashboard.

B. Discuss which parameters need to be checked and
unchecked in order to visualize the answers.

C. Share with a neighboring table.
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WASC predicting New Full-Time Freshmen Retention with IPEDS Data (Fall '12) WASC
New WASC
comparative

Coaeg arct
i pis e ——
' ' dashboard under

-0.02 76.12 : development.
(57%) 3 ' | Compare actual
Actual Retention Rate Goiden area; WASC 25th-75th %tie Predicted Reterition Rate .
versus predicted
% Full-Tame Undigracuate Ssudents Suburtan Instmason WSE Instituson B T Public lnssstution hiew P Natree Ay Pac Bilands 5t
S e rates and perform

_ =) — what-if analyses.

% of New Out-of-Stte LG Students Tnstructonal £ % of Total Core % Porw FT UG Unknown Ethoscrty o

= " ARC Session:
¢ 1 L i Thursday, April 20,
2:15-3:15

g 750 St SAT ComEared Soore 5 Fhew FT UG weth Witighe Eemcity
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John Stanley

Director, Institutional Research

University of Hawai’'i — West Oahu
jstanley@hawaii.edu

Kenneth Nelson, MD, MS

Associate Director, Educational Effectiveness
Loma Linda University

wknelson@Ilu.edu
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